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Research on Job-shop Scheduling Probkem Based on
Improved Partcke Swam Optim ization

QUO Pei-li MA Lili ZHENG Lin
(School of Computer Science and T echnology, Harhin Unwersity of Science and T echnology, Harbin 15008Q China)

Abstract Because the current genetic algorithm s has the lin itation of a prenature convewgence and he slow-
evolitionary and the standard particle swam optin ization has the shortcan ngs of low convemence precision
through analyzing the mechanisn of the orignal optim ization akorithm, this article poposes an mpwved particle
svam optin ization n which iertia weght non-linear decreases w ih the ncrease of iterative generatbn, and
app les this akoribm n job-shop schedulng problm. A lage number of smulation results show that this algo rithm
has good feasbility and effectiveness in job-shop scheduling prob km.
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