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Abstract: This paper puts forward to an algorithm for recognizing color textures based on wavelet probabilistic neuralnet-
work. At first, The RGB color texture image is converted into HSV, extract features on the color texture image on the
basis of tree — structured, then uses PNN to classify the different texture images. Experiment is conducted on different
texture images. Compared to the literature!'?, the effect of our method for texture recognition is obvious excelled it.
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