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An Improved Feature Weighted K — means Clustering Algorithm

WANG Hui!, SHEN Shi-lei'*?

(1 School of Computer & Information Engineering, Henan University, Kaifeng 475004, China;
2 Computing Center, Henan University, Kaifeng 475004, China)

Abstract: An improved weighted K — means clustering algorithm is proposed. In the presented algorithm, firstly the origi-
nal clustering center is obtained according to the data sample distribution. Then the improved K — means algorithm using

the feature weights is designed. Experiment results have shown that the proposed clustering algorithm can produce high

quality clustering steadily and deal with the symbolic data as well as the numeric data.
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