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Abstract; For the development of high quality MapReduce application program, this paper ananlyses the working
mechanism based on Hadoop MapReduce, describes the MapReduce paralleling workflow from the class library lev-

el, proposes a general framework ptototype for development of MapReduce application, makes some prospect of im-

provement of open source MapReduce model.
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Class MapReduce{
Class Mapper +*+{
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(2) mapper %t
public class MapExam extends
MapReduceBase implements Mapper<E#L &I S % 1
> //i# 31 4% 7% MapReduceMap 2 11 f] Mapper £ 5% 44
& Mapxam 2

{ =--... public void map(E M EFIZ% 1) throws I0-
Exception //EE map ik
{ type key; type value; - { eeeeee output. collect

(key, new IntWritable(value)); }
}
}
(3) Reducer 25H)i%1t
public class ReduceExam extends
MapReduceBase implements Reducer<# #L &5 S8 2
>/ /#J1& ReduceExam 2
{ public void reduce (CF#LARFIZ %L 2) throws IOExcep-
tion //FHE reduce Hik:
{++-... output. collect(key, new IntWritable(value)) ;
}
}
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public class MainClass {
public static void main(String[ ] args) throws IOExcep-
tion {

JobConf jobconf = new JobConf ( getConf (),” #E . £
W”) ;

jobconf. setJobName("Jobname") ;

FileInputFormat. addInputPath (Gobconf, new Path (3
REIE—SE0);
FileOutputFormat. setOutputPath (jobconf, new Path

(ERFHIBENBH0);

jobconf, setMapperClass(MainClassMapper. class) ;
jobconf, setReducerClass(MainClassReducer. class) ;
jobconf. setOutputKeyClass(Text. class) ;

jobconf. setOutputValueClass(IntWritable, class) ;
JobClient. runJob(conf) ;

}

}
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