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Evolutionary Neural Network for Credit Card Fraud Detection
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Abstract: Research on automatic credit card fraud detection is a significant and promising area. Generally, using ar-
tificial neural networks to construct fraud detectors can achieve satisfactory performance. However, it is difficult to
design an appropriate architecture for a neural network. In this paper, we propose an evolutionary method to auto-
matically generate the architecture for a neural fraud detector. Experimental results show that the evolutionary neu-

ral networks can efficiently perform credit card detection.
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