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Using Support Vector Machines to Model the Learning Process
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Abstract: In the field of the artificial intelligence for game development, the learning process is very important.
Classical learning process will spend lots of time forgetting the old rules, and at the same time learning the new
rules. In order to solve the problem, this paper put forward the method of Support Vector Machines (SVM). By in-
troducing the time concept for this method, system can easily forget the old rules, and also bring forward an effec-
tive solution to the amount limit of SVM and CPU’s consuming.
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