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An Actual Traffic Prediction Algorithm Based on Particle Swarm

LI Wen-ze' ,SHENG Guang-lei®

(1 Henan Radio &. Television University, Zhengzhou 450008, China;
2 Shengda Trade Economics & Management College of Zhengzhou, Zhengzhou 451191, China)

Abstract: In order to mitigate network congestion caused by the rapid growth of traffic, a novel traffic prediction
algorithm PSATP (Particle Swarm — ARIMA model based Traffic Prediction) is proposed. In this algorithm, the
prediction method is presented by ARIMA model and Kalman filter at first, and the prediction accuracy is improved

with particle swarm optimization. Then, a simulation with actual data was conducted to study the relationship

between delay, dropping rate buffer and utilization rate.

algorithm, PSATP has better performance.

The simulation results show that, compared to other
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