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Study on the Analog Circuit Multi-fault Diagnosis
Based on Node Voltage Increments

XU Jun, ZHANG Yao-hui, CHEN Sheng-jian

(Armored Force Engineering Institute, Beijing 100072, China)

Abstract: For the test nodes shortfall and the test variable conditionality in the analog circuit Multi-fault diagnosis, a
analog circuit Multi-fault diagnosis method is brought forward based on node voltage increments. The equation of
double-fault diagnosis is deduced using 4 test node voltage increments, and that the diagnosis flow and examples are
explained in this paper. The theory analysis and the experimental result show that the new method can diagnose
Multi-fault of linear circuits, and is effective hard-fault and soft-fault. The method has an advantage in the condition
of the test nodes shortfall and the test variable conditionality, and adapts to large-scale linear analog circuit Multi-
fault diagnosis and testing.
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