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Algorithm Based on Hadoop
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Abstract; This paper,we propose a load-balanced and parallel FP-Growth algorithm based on Map/Reduce , which
evenly parallelizes FP-Growth in the MapReduce approach. LBPFP (Load-Balanced Parallel FP-Growth) adds into
PFP ( Parallel FP-Growth) the load balance feature and the effectively pruning strategy, which improves
parallelization and thereby improves performance. Finally, the experimental result shows the algorithm has good
effect in the large data processing. It is proved the feasibility of the algorithm.
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Procedure; partition(F[ ], Q.G[])

if Q=F. Length then
Foreach ai in F do
g=Call CreateGroupQ) ;
else

L[ ]=Sort(F);

maxHeap= Call CreateMaxHeap(Q) ;

for i=0 to Q—1 do

g=Call CreateGroup() ;

g.add(L[i]);
maxHeap. add(g) ;
end

maxHeap. adjust() ;

for i=Q to L. length—1 do

maxHeap. getTopO). add(L[i]);

maxHeap. adjust() ;
end
end
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