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Research on Efficient Data Filtering Based on FPGA
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Abstract: In order to increase the efficiency of data processing, FPGA was injected into Hadoop cluster. FPGA will
filter the data stored in HDFS(Hadoop Distributed File System). In this way MapRedeuce just need to process the
filtered data. A series experiment shows that FPGA could filter useless data and increase the efficiency of data
processing.
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