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An Application Study of QPSO Algorithm on Naive Bayesian Classification
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Abstract: The Bayesian classification approach assume that its atiribute is independent so the feature reduc—
tion of condition attribute set must be handled in data preprocess. In this process data classification will not be ac—
curate if it can not be handled properly. In this paper random selected attributes of the training sets are used to
form particles and a fitness function is set up at the same time and therefore the naive Bayesian classifiers is con—
structed. At the same time QPSO algorithm is used to optimize the effect of classifying. Experiment shows that this
method has better performance than that of traditional naive Bayesian method.
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