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A Study on Fuzzy Neural Network Diagnosis Modelling
Zhang Xiaodong, Miao Xiaoyan, Zhu Jun
(Xi“an Jiaotong U niversity, Xi’an 710049, China)
Abstractt A fuzzy neural network diagnosis model is established, based on adaptive dynamic
performance of the generalized neural network and methods of diagnosis modelling. Its intelligent diagnosis
mechanism and outstanding characteristics are elaborated. In the end, this model has been applied to the

fault diagnosis of a large turbine—generator set, the results show that it features a high diagnostic precision-
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