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An Ildentif ication M odel of Aeroenghne Basd on the RBF Network

D ing Kaifeng,

Fan Siqgi

(7th Dept Northw est Polytechnic U niversity, Xian 710072, China)
Abstract:  The identification model of aeroengine based on the Radial Basis Function network is st
up by using themeasured flight tests data as learning stylebook T heparanetersof engine are identified at
different flight heights by this method ~The network is alo compared with several Back Propagation
networks The reaults shonv-that thismethod-has the advantageof faster learning rate, higher identifying
precison and better real-time ability. It can be-used on-the engine on-line identification
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