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Abstract : A method for gas path fault diagnosisof gas turbine engines based on Kal man
filter and neural networks wasproposed. For thefault diagnoss, the Ka man filter was used
to estimate the variations of measurable parameters, while neural network was applied for
mapping thevariations of performance parametersof gas turbine engines. Digital smulations
show that the proposed method isfeasible and effective.
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Fig.1 Fault diagnosisfor gas turbine engines based on Kalman filter and neural networks
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Table 1 Inputsand outputs of neural networks
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