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Prediction of aeroengine exhaust gas temperature using
pr ocess neural net wor k
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Abstract . From the\perspective of functional analyss, the prediction of the aeroengine
exhaust gas temperature could be seen as afunctional approximation problemin nature. Uti-
lizing the functional approximation capability of the process neural network , an aeroengine
exhaust gas temperature prediction method was proposed based on the process neural net-
work. In orderto overcome the problem that the learning speed of the existing learning al go-
rithm for process neural network is dow , a Levenberg-Marquardt learning algorithm based
on the expanson of the orthogonal bassfunctions was developed. Finally, the proposed pre-
diction method with the corresponding learning a gorithm was used to predict the exhaust gas
temperature of some aeroengine, and the results were satifactory.

Key words: aeroengine exhaust gas temperature; prediction; functional approximation;
process neura network ; learning algorithm
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