524 4 O 4 Wl Vol.24 No.4
2009 4F 4 H Journal of Aerospace Power Apr. 2009

:10028055(2009) 042087205

PID

ARker, HHAE, IMEE
(FAB T IR R 2% BEUR 5380 24 5E, Bt 210016)

DRI T AR TN A 2R I AR 2 BN BT SN BR A 02 380y (PID) RIS, B SR
P =2 i 1) W 22 ), DL/ e e A DA B J2 (K03l R . SR R e U 2 1R 7 S i 19 2% 2 3, DA 19 455
HH AT A N 22 T £ i AR A Sl ALASE 28 Ay R iy A\ AR 2 T i B, T AAEZR B IE PID 55638 IS 5L B
SR ) I Y, /) U 4 T 2% 2 1) PID 45 R G g as 1T I[N T 2s, BRASIR 2 %, 754 KATHLER

R T TR,
L WD BRI (PID) Bl ML RAML NG MR
. TP273 A

Aera2engine wavelet neural network PID control

LI Qizhong, XU Guang2hua, SUN-Jiar2guo

( College of Energy and Power Engineering,
Nanjing University of Aeronautics and A stronautics, Nanjing 210016, China)

Abstract: An aer®engine proportion integration differentiation (PID) control method
based on wavelet neural network on2line identification was proposed i this paper. The net2
work structure was available with-a three layers fee®forward neural network. The wavelet
function-was ‘used as the activation function-ofthe network. s hidden layer. The network pa2
rameters were trained off2line. The derivative of the network. s output to input was used as
the engine model s derivative,~and it was used to adjust the PID parameters on2line. The
step response tests show that the settling time of PID control system adjusted by wavelet
network is less than 2 seconds, and the steady state error is zero. T he system works normal2

ly and steadily in the whole envelop.
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Fig. 1 Wavelet neural network structure
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