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Research on sensor fault diagnosis of aerno-engine
based on-data fusion of SPSO-SVR

LU Feng' ,\ HUAN GJinrquan' , €HEN Yu**, SONG Yunfeng"
(1 College of Energy and-Power Engineering,
Nanjing University of Aeronautics and Astronautics, Nanjing 210016, China;
2 Guzhou Liyang Aero-Engine Corporation, Guiyang 561102, China)

Abstract : In congderation of the common sensor faultsin aero-engine, a new agorithm
was proposed based on support vector regression (SVR) trained by improved particle swarm
optimization (PSO) , and was used for sensor fault diagnosi s system based on datafusion. A
bank of SV R was applied to sensor fault detection, isolation and validation. Thisfault diag-
nos s system would isolate the fault sensor relying on the isolation mechanisms, and select
the validation module for sgnal recovery when some fault sensors were detected. According
to the smulation experiment of aero-engine sensor faults (impact fault , off set fault and drift
fault) , the results show that this sensor fault diagnoss system has high level of precison and
is an effective way to sensor fault diagnoss under the conditions of both one and multiple

sensor faults.
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