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Abstract: Large language model inference has become a core component of intelligent computing systems. Traditional cloud—centric infer-
ence approaches face critical bottlenecks such as high bandwidth consumption, excessive latency, and intensive computational demands.
Existing cloud—edge collaborative schemes still suffer from significant communication overhead and low cache reuse efficiency of Key—
Value Caches (KV—-Cache). To address these issues, a KV—Cache distribution network based on content delivery network (CDN), termed
KVCDN, is proposed. In this architecture, conventional CDN nodes are upgraded into a distributed caching system with tensor—aware per-
ception and state management capabilities. A three—layer collaborative structure is adopted, consisting of semantic normalization at the end
side, hotspot—aware hierarchical caching at the edge, and global deduplication with orchestration at the core. Combined with four key en-
abling techniques, i.e., prompt standardization, tiered storage and proactive pre—placement, global deduplication and fusion, and semantic—
aware routing, the KVCDN significantly improves KV—Cache reuse ratio, while reducing redundant computations and inference latency.

Keywords: large model inference; Key—Value Caches (KV—-Cache); content delivery network (CDN); cloud—edge collaboration; cache reuse

SIBRIN: REY, EX—, @6, 5. BOOMINERARIRERIFE DRI U] PROBRECR, 2026, 32(3): 45-50. DOI: 10.12142/
ZTETJ.202603009

Citation: Song J P, Huang T Y, Zhou X, et al. Large model key—value cache distribution network for distributed inference services [J]. ZTE
technology journal, 2026, 32(3): 45-50. DOI: 10.12142/ZTETJ.202603009

1HARE= Eon W EESEPNEV A NS U SN IE PNV E ¢

BHRBR LR EE M TATE, ATERE (AD 3 PR SUOR EZ 5 25 IR & B ADGR A5
Igl-?kEMuullﬁjﬂﬁb%rﬁl DATEBEA R0 o PR 2 o I v 1o A e BT 55 530 0 SRR 0 28 8] B2 E T 754
" (IDC) 7EHERAN ChEANTEREIE R RITAEHR  ERESRO . SEtREm, 8RR SRR 2 it
) g, #2027 45, o EERE ) SRR RS IR JFRRIAPOR TSR AR AR S
FUPRE R 72.6% , i i i) 3 A i B A AL O A5 (R B T R 45 ok 1 B R Bl i s

PrGEIRRA | 45
2026 F6 8B £32%5 389 Jun. 2026 Vol.32 No.3



RRER BAOHIVEEN AR ERE RO AZME

J1, AR AT A T PP R R E R 5 B PR A R

VR0 B A 03 A ) B B Bt , PN AR e R 4%
(CDN) FEfEHZ A b 27 Jil s, KRR N
PR HER IR 55 B PE S . SR, A58 CDN 32 21 [a] 7 25
SAFBOR RN B A TEAT, B KBRS T CON Z
b, AR AR T AR A o A
PR OO T A0 R 1 (0] A i e s A ) T B 2
17 (KV-Cache) . BEH RBIRIR K 1 F S BFOR AR K
AR, RIS IR B KV-Cache (95 B IE M BAHL A7 AL,
A i) |3 A1 AR5 5 S [ SR e . A S i P
PUYTERRE AR R SRR, M) P TR 28 44 Ay 2 ) A P S B KV -
Cache B LM SR, C RN 21T 2% 15 2R 58 58 LA
AR U

2 AR

FERIEIIE ) ToRIB R I, 2R FZUH T 55
REEF 2 T AR Y) 73 SR, JR il T — P T8 ) 23 (W] e 7%
() 25 320 DI IR AR TS 3 dek AR B s ) E xR 5 A
(LLM) AR ) 3 F 5 AT 2 T 2 el i 00 Sk s 1)
A BT A B EAR A A Z SR Z Transformer £ B 5
TG, HTRBAIGOE SURFE . REERILR i I3
FH P B ALY TR XoF 0 A7 5 SR 5 R R S A 5 4 f A
BERATE R O, DR B IRE EEY, 3X—IR

BT AR K LI T, G rh B O L
P I A T R IR T I P I 5 1 R

SR, XA ERAS I3 Jr 48 LLM A5 A (1) [ [ 9 H#E 3 3
SN T IR A S PR

AT LLM A ] J2 it A0 ke e 2 B S R SRR A, HLfR
i (Decode) BB S i 257 ki [F) 28 5 52 BT B M7 5 i
SR, S SO P AE 5 E . LA SE (W CE-
CoLLM®) #F—2LAESE, 2 ifibfalH LLM bR SC8GHE i % 7y
SR O O OB, IR T IR A 2 by
NSRS

HEWFRASYI SR EERT L, 2RI
IR A ERARE S Y Zh A PR RIBLE] . Splitwise R4E7°
(ISCA 2024, UCC 2025) #&H T —FPJET Lyapunov L fL3HE
MBS PMRIRESE . gt TORDRLEE AR IR =, #%
77308 3 TR 5 T2 ) SIS IRAN I 485 5 5510 TR, R
JIL R Z M4 (FFN) SR40R0 29 A58 N =
NPV, XSS = W E RS o 5t 2 Bl
AYEEIRE R, WERR T REAEAFE IR T 1
R,

46 | RGERRA
2026 F6 8 253245388 Jun. 2026 Vol.32 No.3

ROT 5

FEULIERE I, Jupiter REE (INFOCOM 2025) iE—24
X LLM 3R 78 (Prefill) 5 Decode [ BEAY T A KK
PESEAT T, TR, ARG SR B TR
Feb B, T E 2 A S B, SBR[
“3& )7 . 8 Token” B HIAT A 1T A 320 25 B PRAS I i) 25 g
W, Jupiter 38 525 X 20 % A HE AR A0 Ak 04 T2 e B Ak
B, 4R T M SR A TR R UK AL, RD
FIFH 2z v A 35 Y 1if Token TR JZ AL FTFE LR AR R 7 L, BK )
HGIRIEEFAT T — Token MR EHE, MITASOHKER
% =30 2l 7 o= K U ' & 1D YN 15171 o T 3
PR TE, HCBURAER | S A AR Ss HRL T
RHESCHE

A BRI HOKE Y = i P R A Ee A
W51 71, AAESEBRARE T . BT B e, 3
PITE R LA PR SR A SR I d . B0, 301 TR I AR SR 291
HRIBR HRIY) B AR A RS T IR T 2 7 A iy
B R e BRCR A B A . a2 r A AR SR 0 1 TR i 2 ey P
B X 75 i SR LR, AR KRB IER ASE I T,
W B K EFHER (TTFT) FeE AR, XL 2 SEi 52 5
M55 BRI K . IR, BB IAESS 1R T, XA
LLM #E BRIV E— 2 TCICAZ MR B ] Kk 2k . AT BIF 9 5
Z T IO 55 s it i P R 1A (Prompt) ZAIAETR
SN ERBRAICHE . R SO E S DL ST ARSI T R
MY, SBO"HEWEZ ISR,

SRR ARSI B e A T S e il
T3 %) B3 [ 9 ERAF 5 B IE SR T A B — ) R s ] )
U2 T B 1B ¢ 5 737 N 1 S R 74 B 223 23 7 [ I A DO S
Ui 1 A SR BN AR AR S g, AR
I T BT B RS R B R AU SZ AL RO TE T,
WAL G R T R R 7B U ER A TR AL S uf Il RE—
ZABMEAIE" IR B, W B A P Akl
G5 SRR G G VR AT A AR S N R ), —IRE 4R
PL” AR — Bk SOAS; RS, FHOA ) Sl Y 2 i AR A X
BRI T — R PRI T AR B o SR d ] /S |
U RAALE IR WAEXTFRIT S5, DARAS L kAE T A [l
1 1 o R R e i N - T 1 3 € = WA | N R RIS 5
T ABEHUAE R X 190 265 SR ) A A o 3207 SR AR AR UE i
K EE 5 I A KB Y I RTEE T, 0 BRI T 2= i 58 AR
B, IFHRTE T i 30 it 14 e S R

TR SN, oA X - P (DSSD) & &l
(ICML 2025) XA ARG “ Rk i oK X
—EI, R T HEROAEM: . G SRTh, Ly/ ME R R



\\\\\\\\

A —Be R, ST A Skl 2 v 1A% PR (1R AR A
DABERS S, SR ATEG TR . DSSD K IEA thi1 2
R E A AR R A T T, (R AT B A
1 I RE R B AL AL R AL I SRR N ATHIAME S, DA
ST A AR B R o X — R AR A A U R
PN RLVARE g € N PV I R B e o AU e oy I

TSRO T BT S P TRC%E, HHE
JE BT A A 3 it ke AR L 4 A U R ——— e FLAR 25 10
Rtk 515 XE

ARG, shAS L F CKV-Cache B8K 5 4535 e K
(B AFAS ], HIFE AR U R B SR 45 o Bl e B A0 i
(RN B A B T B 2 . X ICICAZ R IRAR B, F3
G MITEAN FLELAT 5 B ) & 1 9F AT 51 (24 %)
WL HEHSEERD A RIS RS —RAE UG
AT R AR 30 NI IR HEA T H 2 A T 7 S ARSI, A
T3 T ™ E T RTUAR SR 2o G, Wfaf Dk “BRaS
WEAL” Fm RARSEH”, WEASEBTSICIE
FIRY = OMEI AL, TRy i T 24 i 5 S A 103 i) AR
Tl AR T A% O B2 )

B R SCAS HE B 5 R R IG5 A B (RAG) BRI
Ko, ARG . IR IR Az 1) v ) S 4E
T AR R AL . B 5 28 ] 43 UM 0 A
Rl o 3% — R B AR TR LS8 CDN [ “ KRR AL AR
WL kR PSR

ZIMTF R R G S BN E R G R FE S5 (SOSP)
2024 K 2026 - e 2 TAES, ERIRE S T iRk
W45 (KDN) 7 [ E&", JFIFIE T4 0 R R 58 1M -
Cache™ . ZWFFEWIHRTE 1T, AR50 R BRI B RE N AL AT,
B2 FE R (AL S e LR B 5 T LAY bR S0
2 WS AEFUH FE R B A M K 0 A ST A,
I, KDN $2 A8 AR 7 L F AR AR 5 3300 58 A 1 KV —
Cache HEATHIHRRI S, K5 A ELIG I e iy A5 A3 Y
TUGRIR” BEATMST A S 4y & . fEKDN ARy h, R4t it
ST AR, LA S SRR 205 KV-Cache B S PHEA 5 1Y
BRI AR, R BB AR AL 55 CDN 23 & Z 1A I —
B, TEHDER AR BAEETT S 22 0] S DR S 1 Bh A 2%

Zr Lk, RERHUR SRR BE DL T =k R
M P ARATE S5 P TRCR , BUA RGP R R A0 Ky
TICH KR, ARBEM PR SR AL 51 U X —
R MERT . [FIE, B EA SCAS HE 3 B RAG HEAR I 1,
SR P EIE SN AR R SR R T 5 A —Fh A
FE AL A3 ) oA AURR M A T B SR A, IE G KDN

BOADHIEEN AR EREEED LS REE F

HES B0, B IR RT3 5825 A% KV—Cache PRLVE HLER
SR I o 1 v L V== RS 7B -
RTINS BRI HSAE

3 ETCDNMAKIREBEEFENSEZME

1] AR 5o m R AT AR S EEENT =T,
KRR S5 LN “ o h U b s ) “=il
Ui Z R IE” R ZRFE X o AL 58 CDN 2 21 1] # 285 3C
fF . B s AU Y 5 i, HIK 22T 5 —
FEENIAT (URL) AE#0RS A St YR o SR, 7ER
R PR FHERR R S5, O PEREIR S Hefe 2 A 1015 A= i
Tt v A 1) U i v 4 B SRR AR 5K i ——KV-Cache.  [A]HT,
Prompt EL A R AR LS M AL . 38 1R AL B bR SCIRH A HFAE
134458 CDN (RS SCIFRAFHLRITE M S 4t . A %
HALIE RS 15 T 2 2R AL

N TWRATHE “Sfrhiar” 5 “EEMULT AR, A
SCHR Y — Fh B T CDN Ry R 5 AU B (B 22 A7 3 R M 2%
(KVCDN) o %07 AR AR B 5 W Y B SN RT3 T
WAL BRI 53 A R T Ty B 5K BN S IR H e
TIRR REAEAEATC . BEIRBR B LARAE w9 —
NGFIBIT R0 Jm BB 3JZUMELE], TR R
AR B S A G R ZRBE ST, DT I — i 30 iy 1)
KT AAAARR T 5

WK PR, KVCDN 2R 7632 48 1 X500 34 %00 1)

T

AR

D) dmlAz AN VERBiE “BAEd 2" MR —IE B
2k, ZZEIE R R, XS R A T
FIXS5F . JCHUEgE SRR ES , WECEHIR S, FHRTHE R
TERI LSRR, IR e R —BUiE AR S,

2) AL TFHCDNM: 1 “f87 MiORE)Z, %k
THAB 35 B P38 04 LT Ak B 25 — v sl b P2 — S A 4
(GPU-CPU-SSD) HEFGAAAEEYE, A4 ) — i 1)
RS [ —AE ST 1 29 CDN W 2830 Fh o P AE it 2R
o Z5ETHRURMILS, IR E X Bt 2 Jm v (an
LRHERE . BHIFBEIT) , R 7 1 L8 KV-Cache #4
R RSB A T

3) B> Y CDNM: BN RGERGEEMA, %245
Oy I RS BN g Y S A OIS = G o= 8 o i e
LIS it B UK S (T N RS BrivE 2l o = = 5 N
ST AR BT 2R VT C 2 ] B, Sl Xl Y 2 2 o 5

B

T 1) KA RUAFAE 3 A 70 R B A KVCDN, - M3l i 5K

PrGERRA | 47
2026 F6 83 £32%5 38 Jun. 2026 Vol.32 No.3



RRER BAOHIVEEN AR ERE RO AZME

ROT 5

»

[ BEEESRSHS

20 £
CDNI EREEBITSER
2BEESHER [ alal
[ LREERRREE Global Radix Tree S RISHRA S HNZS (NS
| & | AR DR s I E;;gi ........ ’“m
SRS : ; G WU [ Tammy (o)
%ﬁﬁﬁk || usoonRa-ERmEsE | S
SRR ESISEEBER (Vn, medical) i i’ 5T CDN D= B EEFr Ea ‘i
EREFRR ! ; PFTSERER (n cole) |
R ESCpcke i § SREARKV-Cache | |
i — . — ) = - i ,/;
IR —_— ST AR R VIB T avigm| [ s
BREAVRIS (1B Prompt [%f@gay] [;}%ﬁjju@;@&] [ﬁmgg&gm] SimHash 1Pv6 ERE8ER
SAEERI=

CDN: AR
1Pv6: GEXMITNYES 6k

KV-Cache: B2IEZEE
LSTM: A2EICIZ

SID: EBFRR
ST-GCN: WNZ=EERNES

1 —HhETF CON BT RAEBLRE B 5D A MLEIUH

FME ZYokERMHEE, R OET —BRERGEENZAR
il e 7 %8 ﬁﬁmfﬁmﬂmﬁwm iy 0 A TR 3 5K
Z RGeS IR AT O O R B, FIMTEZS Atk A
SR AR R 1R (R WS DG 2R L R IR o 20 i - i A L
O —TIBRPREIL TR, W22 KV-Cache (mACRG 5
4 i R AR IR S A . TG RABE AL TR Sl Sk 4 1A
HRAFHFE S S LR IURIE, 1% F G0 R i A R
S JRARESE A B, XF KV-Cache TR AT B, 75
Gy RIS S50 % Z PR IR SR T3 AT R IE ok
FOAb IR 5 B R, IR, 254 M 29 2R 1
JE 2 LR, RS RE USRI R T SO
A PRI RSH SR SALIE, SN HEZ)Z90N
MIFERE S R E G T %

4 REHEAKR

N T HRTHEET CDN Y RAS Y SH(E 5 A7 53 4 9 2% ) R R
BT AHERPERE, PRI B 2 T B (] RO . 2
AP ERRLEC . THAPEREMRT SRR, FRATHRH LU 05K

48 | RGERRA
2026 F6 8 253245388 Jun. 2026 Vol.32 No.3

£ NI

1) o SCAE AP B 3l 14 3 ] Prompt #1784k 5 T4 1 4
B

T S5l X g e AR A B SR 3k A R A e 1) AR
ﬁ#%ﬁoW@%?%Fﬁﬁbﬁﬁ%ﬁ%ﬂ%%iﬁ%—
H, RS | AR R E S T RN 22 R, B
2x 33 CDN A i fE ik fufj*%fF?KggEE@EHTFﬁQEFEEiﬁﬁiéO
XA S A PE B A T 52 FH Y KV—-Cache 8% R G811 E
“HKArrh”, WG]k A IR 2 S T A R

E%W(i&AWH%)ﬁA%? T SCREM R AL
MU RTEEMS (IB) HieHRRH TR, 4
@%%%&ﬁﬂ%ﬁ «HH@IF‘ 1 ) 4 F i A 4 s 1) P 8 X =
[0, 00y | LS R BB ROR Z, fERSE R F A (B
¢%1M’H)%Hﬁ BRFRPEOR R %&ME@E%%ﬁ

(K I(Z;Y)) o fERRAEE R HAE ., dF—20 X%
Prornptﬁﬁ%*iﬁ%ﬂﬁib =45, FHBUEAE lﬁﬁfF"JE/J/J\ﬁ”lum
B Qi / NS E ZR AR A RS, 115



\\\\\\\\

1> Token (15 B ;. FIFH R0 BUSG A4 (LSH) HLEI, K
ol 2 14 S A T B S5 A7 AR ARRAE 2 0] v ) 502 L R
F(X,,) e {01, 1R a5 M4 H i 21 1Pv6 P 4k h &
SAPRIAST, DU S i O EL A A ] 1 SC 1 17 3K A A5 43RG 1
&,

2) BT S U 5 2 ) MR KV-Cache 73 9 17
fiti 5 SIS T B i

FACHMERL T =20 R SCBAR R R IR, FN R 3
DS P SR S B S I R T B SRR
%o flan, et X R 2 Prompt R, TSR F
B A pR AL BRI R U A AR TERCTE S0 R, ande]
FE CDN 43 BAFAEAHAY T, MR DX U4 AF 352 0 43 A 38 KV -
Cache ARG 5 2h 84, IFEMIEE T LS S AN
SERRHERS SR, DR KR fAmrh R S E AR, Cch
FEE AR 1) 5 2% DO 246 )81 ]

¥ P ) Il O v SR A A TSR ) e S S B v 5 B R
FFIE, DA Z 9% CDN 2% hOR TR 2007 s e il . I
RARE I SR TR 255, T I TR A RHE Y
AT EIE 2N JE— i, MRS F P oA
(#8821 &, TR 6] KV—Cache 19 “$HFNM407 FEAEHE
W s ELA SR MR FLJRI AR A KV —Cache K5 HE T T
S S HET S 1302605 85 U A P A S AR Y
RBH KV-Cache I E UL S A, [FRE, 7E5ET
KV-Cache {45 K9 ML& F- M (U0 1L.SM—-tree) KJZBI%EZ |,
SEA SRR X I A PR AL T , A B T YT A A RN Bl
TR E S A A AL, TR R M R R T L
PERBIRZI, DA S BHJm)0 e  Fa FE B SR 1) AR A bl s i

3) FET RGBS ve B A 4 R g kS 2 Al
B

FE) MRS, KEIUARIKE IR 23, EER
BRI . RAG B2 SO b e 55 SR R g 5erh, PR
FFAAR BB SRR (In— K22 AR S ) HhAARE
MG FE, SO SCRF I T AR R DHELL A o XS A
PEARAEFTRE T A 1AL BT AR 7™ b 4 XoF A7 55 iy 4% DG
BL” W, SBUEGM A A B E AR, S A
[Fi] CDN 5 5 A HE AR T Rt 512 o vy B [ Y840 PR = 7™ 6 iy 48 B
AR AR ST A TTAY KV SRR B

P BE T 5 1 KV—Cache 2 M H 5 3h S L H A& 7
o TR B Y% 0 CDN Y 5 AR 4 Jo i 4 7 i 22 5|
HSE, FF B ) i AR A A%t 4 i
ZIre, gIA “HEEEMEETIR HURLMRE S SRS,
AR 2 J5 TUAS S St BB R B, I Vs T BR 4519 4

BOADHIEEN AR EREEED LS REE F

R Ak, RS RS M R S IHAH, Rk
o) AR IR G %5 S R

4) HF KV-Cache ZAFHIIE L FEHHA

FEIA CDN 4% WG Ab 51 A 52 i Gis AT 5 sh 2504
BERETT, Bt B ARVE T ORI A0 I 246 it e A AR bR
W, IR G BT SEMIRETT 2 BRGS0 .

HEH A B B LU RO

(1) EREERE IO 5 . w1 KR T2 VE e 5
KA RS R, BOHEB0ERE IR SHEE, #Itk
(1) Prompt 5 fb 0 BB (O RRAE () B, 76 PRBRE o SORS EE I [l e
T A2 SR D2 D 246 [ P IS B 0K

(2) ZAaatil S, DAUE S f LSH 0,
o E R . XM REE L) SRR ARy K
(o4 fisg 128 7) B HIM A4, JfE a0 e
B2 SRR

(3) = IWBIE GGk B SIS TR EEAAE o 7E 2= I IR ER
BN, it RS R RS RN . G R KV-
Cache A7 2 A% (MIHUEFTIT B FMER) . CONIZTT i
SEHFE T NG G 3 A e 2 i I 5 At A, R I 45
R, FIHREE SR A 2 siAe e AR, Sel s It R it
TR B AR B PR IR A, AR PGSR R Y R
(e

5 &RiE

T ) A A BN 2 g B o X ) 2 30 3t I I i 1Y)
e, LI KV-Cache I | J7BUGEAF IR . HERLLER
P o5 BOAZ OV A, ASSCHE I JE T CDN R KVCDN, 3 i
148 CDN FF40 ok B sk i B | RS B 518 SUR LR
R RE AT R, 2 ST N “BARLEE ORI ) <)
B AR FNE B E, DAIRON “BEshAEREA R M C
B X EI” WA A SCRGRE T TR T I A% L
SCEEP R AT AT BB AR T, B AR SRR AR 7Y )
LRI Y & RIS T )

SEXE

[11Qu G Q, Chen Q Y, Wei W, et al. Mobile edge intelligence for
large language models: a contemporary survey [PP/OL]. arXiv
(2025-03-20)[2026—-04-20]. https://arxiv.org/abs/2407.18921

[2] Kafetzis D, Khalili R, Koutsopoulos |. Large language model
partitioning for low-latency inference at the edge [Cl/
Proceedings of the 23rd International Symposium on Modeling
and Optimization in Mobile, Ad Hoc, and Wireless Networks

PrGERRA | 49
2026 F6 83 £32%5 38 Jun. 2026 Vol.32 No.3



RRER BAOHIVEEN AR ERE RO AZME

(WiOpt). IEEE, 2025: 1-8
[3] Cunningham M. Privacy—aware split inference with speculative
decoding for large language models over wide—area networks [PP/
OL]. arXiv (2026-02-18) [2026-04-22]. https://arxiv. org/abs/
2602.16760
[4] Sung M, Palakonda V, Im S, et al. Memory— and latency—
constrained inference of large language models via adaptive split
computing [PP/OL]. arXiv (2025-11-06) [2026—-04-20]. https://
arxiv.org/abs/2511.04002
[5] Feng Z D, Lu L, Li Q, et al. Distributed inference optimization for
large language model in edge—cloud collaborative networks [C]//
Proceedings of ICC 2025 - IEEE International Conference on
Communications. |EEE, 2025: 6161-6166. DOI: 10.1109/
icc52391.2025.11160773
[6]Jin H P, Wu Y Z. CE-CoLLM: efficient and adaptive large
language models through cloud—edge collaboration [Cl/
Proceedings of IEEE International Conference on Web Services
(ICWS). IEEE, 2025: 316-323. DOl 10.1109/
icws67624.2025.00046
[7] Patel P, Choukse E, Zhang C J, et al. Splitwise: efficient
generative LLM inference using phase splitting [Cl//Proceedings
of ACM/IEEE 51st Annual International Symposium on Computer
Architecture (ISCA). |EEE, 2024: 118-132. DOI: 10.1109/
ISCA59077.2024.00019
[8] Younesi A, Shabrang M A, Oustad E, et al. Splitwise: collaborative
edge - cloud inference for LLMs via Lyapunov—assisted DRL [C]//
Proceedings of the 18th IEEE/ACM International Conference on
Utility and Cloud Computing. ACM, 2025: 1-11. DOI: 10.1145/
3773274.3774267
[91Ye S Y, Ouyang B, Zeng L K, et al. Jupiter: fast and resource—
efficient collaborative inference of generative LLMs on edge
devices [Cl//Proceedings of IEEE INFOCOM 2025 - IEEE
Conference on Computer Communications. |[EEE, 2025: 1-10.
DOI: 10.1109/infocomb5648.2025.11044734
[10] Chen C, Borgeaud S, Irving G, et al. Accelerating large language
model decoding with speculative sampling [PP/OL]. arXiv (2023-
02-02)[2026—-04~-18]. https://arxiv.org/abs/2302.01318
[11] Leviathan 'Y, Kalman M, Matias Y. Fast inference from
transformers via speculative decoding [Cl//Proceedings of the
40th International Conference on Machine Learning. ACM, 2023:
19274-19286. DOI: 10.5555/3618408.3619203
[12] Ning J, Zheng C, Yang T. DSSD: Efficient edge—device LLM
deployment and collaborative inference via distributed split
speculative decoding [PP/OL]. arXiv (2025-07-16) [2026-04~—
18]. https://arxiv.org/abs/2507.12000
[13] Cheng Y, Du K, Yao J, et al. Do large language models need a
content delivery network [PP/OL]. arXiv (2024-09-16)[2026-04—
15]. https://arxiv.org/abs/2409.13761
[14] Liu Y, Cheng VY, Yao J, et al. LMCache: an efficient KV cache
layer for enterprise—scale LLM inference [PP/OL]. arXiv (2025-
12-05)[2026-04-18]. https://arxiv.org/abs/2510.09665
[156] Team TAib. AlBrix: towards scalable, cost—effective large
language model inference infrastructure [PP/OL]. arXiv (2025-
02-22)[2026-04-18]. https://arxiv.org/html|/2504.03648v1

50 | RGERRA
2026 F6 8 253245388 Jun. 2026 Vol.32 No.3

ROT 5

£ & & N

REE, PENZRITENNSERPVSHT
2. PRRSFUHEEEER. PEBRER
HEIDE TCE30 BN EEBERASINERTEE
RAERRNEUBRHBIAK; ERHAROON
BOMLS. NTERE; RBEREM 11, K&
1B 30FE, PEERAIFER 2410,

BX—, PERNFRITENNSERPIVESEN LT
BIRE; EBHRDOONDMIHEE. EN/S,

BB, PENZEITENNSERPLIAR,
BEPEBEMECDE TCO4INERHERS
BIER. PEBEFEFIMEEREER. P
DEEF=ERBEENSRAZRZER. BX
AFBEFRRIBIR/BIFIARS, B2
RITZITIMESFERNZR, BFRRAZITIIA
wE; E2ROONTENMSERSE. A
TE#e. 5G/6GROIMNGS; EFRENMBERNER
ATTREAME 10RIA, REBIRNFEAR—FLARN, “FR
2, RFEXNBOFRRE, BBEEME0RIN (HPERIN261ID, #
SES 1R, EREOHIRBERRETIRE 1510,

=8, OEEDESERATNESWDEHRS
Ll A=, =R TSRANANEERS
R. CON. EAME. WEES, REIL=D
R 1R, DEBEERRNSRAR T,
R e e e A
E I, TET. OON. =. ATEEFUHASH
om0, DEEINEEEL 2T, KEe
|7 188, FESHIS6T, 2SR 24T,

K8, PERBEEERATINESSWBHNT
12UM; TEHARISEN CONBIR. BRERE
BRAR; 2020 FPEBEEZENERAR=F
&, 2023 F TWAERIEPEERBEHFAE
R BNNAMARIIKERE—FEL.
) 2024 FEEERBEIRLZEETNNSEETL
EMR—FLS,




