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Risk analysis method of a certain type of power plant based on KG-KGCN

CHEN Guobing, ZENG Guoqing, WANG Yue, WANG Xuefeng,
XIE Xuyang, YANG Zichun

(College of Power Engineering, Naval University of Engineering, Wuhan 430033, China)

Abstract: Targeting the problems of numerous risk factors, complex risk data and low utilization
rate of power plant, and based on the data of failure mode, impact and criticality analysis, a method and
algorithm of system risk analysis was proposed using knowledge graph and graph neural network, and the
knowledge of events were utilized to complete link prediction and deduce the cause and impact of events,
so0 as to achieve accurate statistical analysis. A certain type of engine was taken as the object to carry out
risk analysis and reasoning. Results showed that this method effectively solved the problems of the
traditional method, such as cumbersome forms and single analysis, the results were more accurate and
comprehensive, and the analysis efficiency can be improved by more than 60%; and it can carry out risk
reasoning and prediction in time, and realize the transformation from post analysis to active prevention,

providing a strong support for the intelligent operation and maintenance of power plants.
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